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Air quality is a major issue for humans owing to the fact that the content of particles in the atmosphere
has multiple implications for life quality, ecosystem dynamics and environment. Scientists are therefore
particularly interested in discovering the origin of airborne particles. A new method has been developed
to model the relationship between the emission surface and the total amount of airborne particles at a
given distance, employing olive pollen and olive groves as examples. A third-degree polynomial relationship between the air particles at a particular point and the distance from the source was observed,
signifying that the nearest area to a point is not that which is most correlated with its air features. This
work allows the origin of airborne particles to be discovered and could be implemented in different
disciplines related to atmospheric aerosol, thus providing a new approach with which to discover the
dynamics of airborne particles.
© 2015 Elsevier Ltd. All rights reserved.
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1. Introduction
Tropospheric air quality is an important issue for humans
because it directly affects quality of life. An important aspect of air
pollutants are airborne particles of biological origin, such as bacteria, fungal spores and pollen grains. These aerobiological

* Corresponding author. Center of Allergy & Environment (ZAUM), Helmholtz
€t München, Germany.
Zentrum München, Technische Universita
E-mail address: oterosjose@gmail.com (J. Oteros).

particles have a great effect on human health (Barber et al., 2008;
Dales et al., 2010), cultural heritage (Ruga et al., 2008) or the dynamics of terrestrial ecosystems (Belmonte and Vila, 2004;
Ellstrand, 1992), among others. This paper has been particularly
focused on olive pollen, since it is the main cause of pollen allergies in the Mediterranean area (D'Amato et al., 2007). Olive has
a high socio-economic impact in the area (Barranco, 2008) and it is
considered to be one of the best biological indicators regarding the
effects of weather variations on Mediterranean ecosystems
(Orlandi et al., 2005). The olive pollen monitoring is therefore
useful to prevent allergy symptoms (Oteros et al., 2013c), to study
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the effects of climate change in the Mediterranean area (GarciaMozo et al., 2014) and also to forecast the olive harvest (Oteros
et al., 2014).
It is thus particularly interesting to understand the relationship
between the emission source and air quality. In Aeropalynology, it
is known that the relationship between airborne pollen and
vegetation depends on a number of factors, such as the pollen
production of individual species, pollen dispersal (dependent on
the pollen aerodynamic features and atmospheric conditions) and
the spatial distribution of the vegetation around the sampling site
(Prentice, 1985). In this respect, the aerobiological properties of an
area depend on multiple factors such as vegetation, climate conditions, topography and atmospheric dynamics (Smith et al.,
2014).
One of the most frequently posed questions in atmospheric
sciences concerns the source of airborne particles, and a comprehensive answer has not yet been found. In fact, many studies have
been carried out in order to discover the origin of airborne pollen
and to understand the relationship with the focus of emissions.
These studies have been carried out by phenology and land use
 n-Ruiz et al., 2012; Siljamo
relationship (Estrella et al., 2006; Leo
et al., 2008; Tormo et al., 2011), through theoretical models about
back trajectories and particle dispersion, by solving dispersion
 n-Jorda
n et al., 2013; Prentice, 1985; Sadys et al.,
equations (Alarco
2014; Soﬁev et al., 2006; Sugita, 1994) or by combining different
ndez-Ceballos
approaches (Fernandez-Rodriguez et al., 2014; Herna
et al., 2011, 2014; Hidalgo et al., 2002; Pauling et al., 2012; Skjøth
et al., 2010). Although none of these methods have discovered
the global relationship that exists between the distance of the
emission source and the air particles of an area, they are nevertheless very useful to analyze the origin of particles in speciﬁc
episodes. Few experimental methods, tested to relate pollennearby vegetation, are too tedious to ﬁnd a global relationship.
These are based on pollen monitoring at different distances from a
located source, which may be supplemented by genetic studies
(Robledo-Arnuncio and Gil, 2005).
The present study is based on the hypothesis that the emission
surface around a point is correlated with the total amount of
airborne particles. We hypothesize that possible variations in this
correlation, at different distances between both elements, are
determined by changes in the inﬂuence of the emission source on
air features. Therefore the main goal has been to develop an
experimental method to model the relationship between the surface of the emission source and the total amount of airborne particles at a determined distance, employing olive pollen and olive
groves as experimental examples.
2. Methods
2.1. Data source
The present study was performed by using the emission surface
data and pollen counts in the air. As study case, the aerobiological
particle modeled was olive pollen (Olea europaea L.) and the
emission modeled was land uses of olive groves.
Airborne pollen data were obtained from the Spanish Aerobiology Network (REA), supported by each of the 19 monitoring
stations involved in the study (Fig. 1). All monitoring stations are
located in standard conditions, following the Aerobiology Minimum Requirements for ensuring data quality (Gal
an et al., 2014). It
was used data about airborne pollen concentrations (pollen
grains/m3) during the period 2005e2007, due to 2006 was the
newest data from land use information in Spain. All data were
n
obtained following the standardized procedure of REA (Gala
et al., 2007). Daily pollen concentrations were collected using a

Hirst-type volumetric spore-trap, a volumetric suction sampler
that is based on an impaction process (Hirst, 1952). This type of
device is proposed by the European Aeroallergen Network (EAN),
which offer the possibility to obtaining reliable daily and even
n et al., 2014). Air is sucked into the trap at a
hourly data (Gala
constant rate of 10 L/min through an oriﬁce (2 mm  14 mm).
Behind the oriﬁce, the air impacts over a rotating drum that moves
at 2 mm/h and airborne particles are trapped on a transparent
Melinex tape with an adhesive coated. After sampling, the tape is
then mounted between a glass slide and a cover slip using a
mounting media. Each slide is examined with light microscopy,
covering more than 10% of the sampled surface. REA ensures the
quality of data by performing frequent quality control programs
(Oteros et al., 2013a).
Land use data about olive grove surfaces in Spain during the year
2006 were obtained from the CORINE Land Cover database, as the
newest available information (CLC, 2006). Fig. 1 shows the
geographical distribution of olive groves in Spain, which is the
largest area of olive production in the world (IOC, 2014).
2.2. Concentric Ring Method
The present study was performed by using a new methodology
termed “Concentric Ring Method (CRM)”. The information
employed regarding airborne particles and the surface of emission
source in surrounding areas was, in this study case, based on olive
pollen and olive groves. CRM is developed in eleven steps:
1. The Pollen Index (PI) is the average amount of annual pollen
collected during three consecutive years (1):

P
PI ¼

DPn1 þ

P

DPn þ
3

P

DPnþ1

(1)

P
Where
DPn is the summation of Daily Pollen concentrations
(pollen grains/m3) during the year n, n being the year of emission
surface information according to CORINE Land Cover database.
2. The calculation of concentric buffers around each sampling
point with the same separation distance. It was calculated 300
buffers around each sampling point with a difference of 1 km
radius.
3. The calculation of the sum of Actual Emission Surface (AES)
included in each ring, where ring is the surface located between
two consecutive buffers. That means the summation of the
emission area contained on each ring.
4. To calculate Pearson correlation between PI and AES in each
ring, as quantitative data. I.e. we took the AES of the determined
ring of all the 19 sites and correlate them with the PI of all the 19
sites. And so on for all the 300 rings. We hypothesize that the
amount of olive grove that exists around each sampling point
will be related to the PI on each sampling point. And that
changes in the correlation between the PI and the surface of
olive groves on each ring (AES), as longer distances are tested,
they are related to changes in the inﬂuence of the emission
surface on the PI.
5. The calculation of the mathematical relationship between correlation coefﬁcients and the ring distance from the station
(external buffering radius), expressed as x, by means of polynomial interpolation. The polynomial (f(x)) is calculated until
the cut with x axis or the relative minimum after the inﬂection
point.
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Fig. 1. Study area. (a) shows pollen sampling points location and olive groves surface, smooth circles show buffers of 50 km radius around each sampling point and dashed circle
shows buffers of 100 km radius, as reference distances. (b) shows averaged yearly rainfall in study area (1950e2000). (c) shows annual mean temperature in study area
(1950e2000) (Hijmans et al., 2004).

6. In order to discover the Theoretical Inﬂuence (TI) that the
emission surface has on PI, it is necessary calculating the area
under the curve of the polynomial (f(x)). TI summarizes the inﬂuence that the emission surface of each ring has on PI; but
under a theoretical conditions of continuous emission surface in
the surrounding area. This is accomplished by performing the
mathematical integrals of the polynomial bounded at different
distance ranges (a and b) (2):

Za
TIp ¼

f ðxÞdx

(2)

b

Where TIp is the inﬂuence of the surface of the ring p on PI, in which
a is the farthest distance from the sampling point (the radius of
external buffer) and b is the nearest distance to the sampling point
(the radius of internal buffer), under theoretical continuous emission surface in surrounding area of sampling point. The ring p
number is the same as the ring a value, which deﬁnes the ring
number.
7. The TIp of a ring p is divided between the total surface of the ring
(Sp), and the Inﬂuence Index (IIp) is thus obtained. IIp summarizes the inﬂuence of one surface unit of the ring p on PI, under a
theoretical continuous emission surface in surrounding area of
sampling point:

TIp
IIp ¼
Sp

(3)

where Sp is the total surface of the ring p, deﬁned as:

 


Sp ¼ pa2  pb2

(4)

where a is the radius of external buffer and b is the radius of internal buffer.

8. The calculation of the Speciﬁc Inﬂuence Index (SII) (5):

SII ¼

z 
X

IIp *AESp

(5)

p¼1

where p is the ring number and z is the ring number of the last ring
with observed inﬂuence (with TI  0).
9. The calculation of the Emission Index (EI) by linear regression of
least squares between PI and SII, also calculated as (6). EI is a
constant of emission which depend on external conditions
during the study period.

EI ¼

PI

(6)

SII

where PI is the average of PI of studied cases and SII is the average of
SII of study cases.
10. The Actual Inﬂuence (AAI) of AESp on PI, in a determined
location, is obtained using the following function (7):

AAIp ¼ IIp *AESp *EI

(7)

11. In order to forecast expected values of PI in a determined
location, the entire AES in the surrounding area must be
tested by using function (8):

PI ¼

z
X

AAIp

(8)

p¼1
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2.3. Validation
The method was validated by two ways: by internal validation,
by forecasting the PI of 19 sampling units involved in the general
model, and by external cross validation, by comparing two
completely different models. For external validation, the monitoring stations were ordered alphabetically by the names of the
cities in which the sampler are located in order to develop a total
random selection. A ﬁrst model (model A) was calculated using the
ﬁrst ten stations and a second model (model B) was calculated
using the other nine stations. Model parameters calculated were II
and EI. Finally, the airborne pollen from the ﬁrst ten stations was
forecasted by using model B parameters and AES of forecasted
stations. The airborne pollen from the last nine stations was forecasted by using model A parameters and AES of forecasted stations.
Observed and expected values were compared in order to calculate
the determination coefﬁcient (R2) and the Root Mean Square Error
(RMSE). The RMSE was obtained by using the expression (9), where
Y ¼ observed data and F ¼ expected data. In this way, the error in
cross PI predictions allow us to know ﬁtness and robustness of CRM
method.

sﬃﬃﬃﬃﬃﬃﬃﬃﬃﬃﬃﬃﬃﬃﬃﬃﬃﬃﬃﬃﬃﬃﬃﬃﬃﬃﬃﬃﬃﬃﬃﬃ
PN
2
t¼1 ðYt  Ft Þ
RMSE ¼
N

(9)

3. Results
Applying the Concentric Ring Method (CRM), the observed
emission surface on each ring was correlated with the PI from each
monitoring station and the relationship between correlation coefﬁcients and rings distances were plotted (Fig. 2). CRM is developed with the information from 300 correlation coefﬁcients. Each
correlation coefﬁcient is developed from 19 cases in our general
model (we only have developed two different models for validation, but all ﬁgures are for a general model). Fig. 2 shows the
relationship between the outcome of each correlation analysis and
the number of analyzed ring. This ﬁgure shows that the relationship between both correlation coefﬁcients and the distance of the
ring is well ﬁxed to a third-degree polynomial relationship. Results
show a high spatial autocorrelation between correlation coefﬁcients, in spite of the lack of spatial overlap between rings.
However, the correlation coefﬁcients of nearest rings show less
spatial autocorrelation than the following coefﬁcients owing to the
“City effect”, which is produced for the absence of olive groves near
the suction trap, usually located in urban centers. The relative
maximum in the polynomial provides information about the

distance between a point and the pollen emission source in which
the emission focus contributes with the highest quantity of particles in the aerobiological “load” of the point. In this study, the
maximum inﬂuence is observed at 37 km. Furthermore, the cut
with the x axis or the relative minimum, after the inﬂection point,
provide information about the theoretical end of inﬂuence as regard with the emission source and the aerobiological features. In
this case, there is a lack of correlation at 209 km.
The mathematical integration of the polynomial allows us to
discover the inﬂuence that the emission source has at different
distances, thus allowing us to represent the spatial model of olive
pollen dynamics, the Theoretical Index (TI). Under the continuous
emission surface in surrounding area, the emission surface of the
ﬁrst 34 km (3632 km2 of emission surface) contribute to 25% of
airborne pollen, the ﬁrst 66 km (13,685 km2 of emission surface)
contribute to 50% and the ﬁrst 104 km (33,979 km2 of emission
surface) contribute to 75% of Olea pollen, which is the origin of
more than 99% of pollen from the surrounding 208 km
(135,918 km2 of emission surface). In order to discover the actual
contribution of each olive grove in each location, it is necessary to
calculate the Inﬂuence Index (II) and multiply by the Actual Emission Surface (AES) at each distance from the studied location.
Fig. 3a shows the percentage of inﬂuence that the emission
surface of each ring has on the PI at different distances under a
theoretical continuous emission surface in the surrounding area
(from TI). The olive pollen-vegetation relationship does not have a
spatial “bell-shaped” relationship, but it is rather similar to a spatial
“volcano-shaped” relationship. This is because the ring surface increases dramatically with the distance from the monitoring station.
Fig. 3b shows the percentage of inﬂuence that a km2 of emission
surface has on the Pollen Index at different distances under a
theoretical continuous emission surface in the surrounding area
(from II). It shows a potential mathematical relationship between
the percentage of inﬂuence of each Km2 on each ring and the ring
distance from the station, in which the contribution of the emission
surface to aerobiological features in an increasing ring distance
decreases sharply.
Fig. 4 shows the linear relationship between the 19 PI and the 19
SII, with EI equal to 960.2. This represents the average emission rate
of particles that have one unit of surface in the study area and
during the study period.
Thus, at this point, we have calculated the general forecasting
model deﬁned as formula (10). With this general model it is
possible to know Olive PI on a blind point knowing the emissions
surface in surrounding 209 km (under similar external conditions
to the period 2005e2007).

PI ¼

z 
X

IIp *AESp *960:2

(10)

p¼1

Fig. 2. Polynomial relationship of the correlation coefﬁcient and Pollen Index and
Actual Emission Surface on each ring and the ring distance to the sampling point.

where IIp summarizes the inﬂuence of one surface unit (one km2 on
our case) of a ring p on PI, depending on the distance from the
emission source; AESp is the actual emission surface inside a ring p;
960.2 is the constant of the emission rate (EI) of a km2 during the
study period; z is the ring number of the last ring with observed
inﬂuence (with TI  0).
Fig. 5 shows the validation of the general model by means of
external cross validation. Linear R2 was 0.98 and the RMSE was
3071. The internal validation of the total Model shows an RMSE of
2317. Heterogeneity in atmospheric conditions, topography or
Emission Indexes (EImodel A ¼ 934.7; EImodel B ¼ 1005) produce less
ﬁtness when using external validation than when using internal
validation. However, both summary parameters show the excellent
performance of the model for Olea pollen.
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Fig. 5. CRM external cross validation. Pollen Index observed and expected by model A
and model B.

4. Discussion

Fig. 3. Fig. 2a shows the 3D-model of inﬂuence that has the emission surface of each
ring on Pollen Index of sampling point (in center), under theoretical conditions of
continuous emission surface. Fig. 2b shows the 3D-model of inﬂuence that has each
Km2 of emission surface on Pollen Index of sampling point (in center), under a theoretical conditions of continuous emission surface (following CRM, actual inﬂuence of
emission source on Pollen Index depend on actual emission surface).

It has been proposed a model for the dynamics of airborne Olea
pollen in Spain, which allows us to study the distance of the pollen
source, and also forecasting the airborne pollen of unmonitored
places. The Concentric Ring Method (CRM) can be useful for
modeling other kinds of airborne particles such as anthropogenic
contaminants or earth emissions, although the resulting model will
depend on the features of each particle. In the case of pollen, the
suitability for the atmospheric dispersion of airborne particles depends on its aerodynamic features such as size, shape or density
(Okubo and Levin, 1989; Prentice, 1985). Sugita suggests, based on
theoretical dispersion properties, that the source radius of dispersion of light pollen types could be 100 times larger than that of
heavy types (Sugita, 1993). On the other hand, the wind is the main
driving force, and the windy conditions can have an impact on the
amount of pollen recorded at a site (Damialis et al., 2005). On the
other hand, other meteorological features, like rainfall patterns or
cloudiness, may also modify the concentrations of airborne particles (García-Mozo et al., 2010). It is even possible that microclimatic
features or technical conditions of sampler location could deternez et al., 2012). CRM must therefore
mine the record (Velasco-Jime
be considered as a method for modeling the general dynamics of a
particle in a determined area, by extracting the average pattern of
the same particle in several sampling points.
Some considerations must be taken into account depending on
the aerodynamic features and the emission dynamics of the particle being modeled. In aerobiological studies, when characterizing
a geographical point by building the Pollen Index (PI), the pollen

Fig. 4. Linear relationship between Pollen Index and Speciﬁc Inﬂuence Index.
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recorded during more than one year should be taken into account
because pollen production can undergo interannual variations
related to weather or to genetic features (Hicks, 2001). This fact
could distort the relationship between airborne pollen and vegetation. In this sense, it was employed three years when creating the
aerobiological characterization of each station because the olive
tree has large interannual variability as regards its pollen emission
(Oteros et al., 2013b). However, with a high number of years
characterizing a point, changes in land uses during the study period
could also distort the relationship between the airborne particles
and the emission source. Olive grove surfaces may undergo
important interannual variations because there is a strong
anthropogenic inﬂuence (Garcia-Mozo et al., 2014). Another
consideration according to the emission source inventories is that
the canopy surface information will be more accurate than land use
surface, or even, where possible, the emission volume. Olive pollen
is a particle whose origin is only one species, which facilitates the
availability of its source inventories and homogeneity in its emission rates (Trigo et al., 2008). In Spain, olives trees are in olive crops
(Barranco, 2008), as natural vegetation (Skjøth et al., 2008), or as
nez et al., 2013). However, most
ornamental plants (Velasco-Jime
Olea pollen originates from olive groves (Fernandez-Rodriguez
et al., 2014). It can be assumed that the land use data concerning
olive groves provides accurate information about the olive tree
canopy or the emission surface since, although it does not take into
account the density of the olive trees within olive groves which can
range from less than 100 trees/ha to more than 300 trees/ha (De
Melo-Abreu et al., 2004). Other interesting information are the
productivity of different areas, which can show high reproductive
variability owing to topographical factors or management (Oteros
et al., 2013d), and the expected lack of spatial autocorrelation in
the variability of tree densities homogenizes emission surfaces at
large scale.
Although the innovative nature of this methodology does not
allow making comparisons with previous results, other approaches
for determining the airborne particle source have been applied.
Most of them are theoretical methods based on the aerodynamic
features of particles by applying dispersion equations, which allow
us to study the origin of the airborne particles in speciﬁc episodes.
Olive pollen has speciﬁc aerodynamic features that make it suitable
ndez-Ceballos
for atmospheric dispersion to long distances (Herna
et al., 2014). This is corroborated by the fact that our experimental method shows that 50% of airborne pollen originate from
the surrounding 66 km and more that 99% from the surrounding
208 km. Previous works based on particle dispersion theory have
shown the potential source of isolated episodes of olive pollen; e.g.
in Fernandez-Rodriguez et al. (2014) showed that certain pollen
episodes in Badajoz (Spain) can be explained by pollen sourcing at
between 30 km and 300 km; Hern
andez-Ceballos et al. (2011, 2014)
rdoba
showed that most analyzed episodes of Olea pollen in Co
(Spain) could originate from the surrounding olive groves located
 rdoba). Despite
between 25 km (Alcolea) and 200 km (Priego de Co
the fact, in punctual events, olive pollen could be transported from
n et al., 2013; Izquierdo et al., 2011). Morelonger distances (Gala
over, recently Maya-Manzano et al. have compared olive airborne
pollen in several points with olive groves, land use in surrounding
area, making a simple correlation between circle surface and
airborne pollen (Maya-Manzano et al., under review). They have
obtained similar results to our work, which suggesting a good
relationship between airborne olive pollen and land uses (with
maximum correlation at 50 km), except for test with total circle
surface and not with ring surfaces. Our results agree with these
backgrounds and the validation results certify the robustness of the
olive model and the CRM's reliability.

5. Conclusions
As conclusion, the CRM is a new method to model the dynamics
of airborne particles, thus providing a new approach that can be
used to evaluate the capture range of air traps and allow understanding where is the distance of the origin of the records. The CRM
will be very useful to design the location of air samplers and the
correct interpretation of historical databases concerning airborne
particles. The CRM might also be valuable as an experimental
approach to validate theoretical assumptions in certain disciplines,
such as Paleopalinology, which involves long distance particle
dispersion. The present method will improve the usefulness of
monitoring data of some kind of airborne particles, thus increasing
the quality of their interpretations and optimizing their actual
utilities. In the case of Aerobiology applications, as the olive pollen
modeling, CRM will be very useful, because improving forecasting
models for aeroallergens, in particular for allergenic pollen, and
other harmful particles. Furthermore, improve the crop yield
forecasting models, the knowledge of the climate change and its
impacts on the phenology and pollen production, the past and
present vegetation maps, the capacity to examine the gene ﬂow of
anemophilous vegetation, or forecasting the airborne characteristics of an unexplored location, and other potential applications.
Author contribution
J.O. data analysis, experimental design and redaction; H.G.M.,
P.A., E.D.V. and C.G. experimental design, supervision, data collection, redaction and management; P.C., J.B., M.B., D.F.G, A.M.G.B.,
R.P.B. and M.M.T. data collection, supervision, redaction and
testing; D.B., C.D.G., F.G.M., S.M.G., F.J.R.R., L.R.V. and J.S.P. data
collection, redaction and supervision.
Acknowledgments
The authors are grateful to the following projects for funding
lisis de la dina
mica del polen atmosfe
rico en
this work: “Ana
Andalucía (P10-RNM-5958)”, the Research Project of Excellence of
the Andalusia Regional Government, and to the Spanish Ministry of
tico en la
Science and Innovation's “Impacto del Cambio Clima
fenología de especies vegetales del centro y sur de la Península
rica, FENOCLIM, (CGL 2011-24146)”.
Ibe
References
n-Jord
 pez-Pacheco, M., 2013. Application of a sourceAlarco
an, M., Belmonte, J., Lo
receptor model to determine source areas of pollen in Catalonia (NE Spain).
Jorn. Recer. EUETIB 1, 19e25.
Barber, D., de la Torre, F., Feo, F., Florido, F., Guardia, P., Moreno, C., Quiralte, J.,
Lombardero, M., Villalba, M., Salcedo, G., Rodriguez, R., 2008. Understanding
patient sensitization proﬁles in complex pollen areas: a molecular epidemiological study. Allergy 63, 1550e1558.
Barranco, D., 2008. El cultivo del olivo. Mundi-Prensa Libros, Madrid.
Belmonte, J., Vila, M., 2004. Atmospheric invasion of non-native pollen in the
Mediterranean region. Am. J. Bot. 91, 1243e1250.
CLC, 2006. CORINE Land Cover. http://www.ign.es/ign/layoutIn/corineLandCover.do
(accessed 01.08.14.).
D'Amato, G., Cecchi, L., Bonini, S., Nunes, C., Annesi-Maesano, I., Behrendt, H.,
Liccardi, G., Popov, T., van Cauwenberge, P., 2007. Allergenic pollen and pollen
allergy in Europe. Allergy 62, 976e990.
Dales, R., Ruest, K., Guay, M., Marro, L., David Miller, J., 2010. Residential fungal
growth and incidence of acute respiratory illness during the ﬁrst two years of
life. Environ. Res. 110, 692e698.
Damialis, A., Gioulekas, D., Lazopoulou, C., Balafoutis, C., Vokou, D., 2005. Transport
of airborne pollen into the city of Thessaloniki: the effects of wind direction,
speed and persistence. Int. J. Biometeorol. 49, 139e145.
De Melo-Abreu, J., Barranco, D., Cordeiro, A.M., Tous, J., Rogado, B.M., Villalobos, F.J.,
2004. Modelling olive ﬂowering date using chilling for dormancy release and
thermal time. Agric. For. Meteorol. 125, 117e127.
Ellstrand, N.C., 1992. Gene ﬂow by pollen e implications for plant conservation
genetics. Oikos 63, 77e86.

Please cite this article in press as: Oteros, J., et al., A new method for determining the sources of airborne particles, Journal of Environmental
Management (2015), http://dx.doi.org/10.1016/j.jenvman.2015.03.037

J. Oteros et al. / Journal of Environmental Management xxx (2015) 1e7
Estrella, N., Menzel, A., Kramer, U., Behrendt, H., 2006. Integration of ﬂowering
dates in phenology and pollen counts in aerobiology: analysis of their spatial
and temporal coherence in Germany (1992e1999). Int. J. Biometeorol. 51,
49e59.
Fernandez-Rodriguez, S., Skjoth, C.A., Tormo-Molina, R., Brandao, R., Caeiro, E.,
Silva-Palacios, I., Gonzalo-Garijo, A., Smith, M., 2014. Identiﬁcation of potential
sources of airborne Olea pollen in the Southwest Iberian Peninsula. Int. J. Biometeorol. 58, 337e348.
n, C., Antunes, C., Brandao, R., Torres, C., Garcia-Mozo, H., Caeiro, E., Ferro, R.,
Gala
Prank, M., Soﬁev, M., Albertini, R., Berger, U., Cecchi, L., Celenk, S., Grewling, L.,
Jackowiak, B., Jager, S., Kennedy, R., Rantio-Lehtimaki, A., Reese, G., Sauliene, I.,
Smith, M., Thibaudon, M., Weber, B., Weichenmeier, I., Pusch, G., Buters, J.T.,
2013. Airborne olive pollen counts are not representative of exposure to the
major olive allergen Ole e 1. Allergy 68, 809e812.
n, C., Carin
~ anos, P., Alc
Gala
azar, P., Domínguez-Vilches, E., 2007. Spanish Aerobiology Network (REA): Management and Quality Manual. Servicio de Pub rdoba, Co
 rdoba.
licaciones Universidad de Co
n, C., Smith, M., Thibaudon, M., Frenguelli, G., Oteros, J., Gehrig, R., Berger, U.,
Gala
Clot, B., Brandao, R., 2014. Pollen monitoring: minimum requirements and
reproducibility of analysis. Aerobiologia 30, 385e395.
García-Mozo, H., Mestre, A., Gal
an, C., 2010. Phenological trends in southern Spain:
a response to climate change. Agric. For. Meteorol. 150, 575e580.
Garcia-Mozo, H., Yaezel, L., Oteros, J., Gal
an, C., 2014. Statistical approach to the
analysis of olive long-term pollen season trends in southern Spain. Sci. Total.
Environ. 473e474, 103e109.
ndez-Ceballos, M.A., García-Mozo, H., Adame, J.A., Dominguez-Vilches, E., De
Herna
la Morena, B.A., Bolivar, J.P., Gal
an, C., 2011. Synoptic and meteorological characterisation of olive pollen transport in Cordoba province (south-western
Spain). Int. J. Biometeorol. 55, 17e34.
ndez-Ceballos, M.A., Soares, J., Garcia-Mozo, H., Soﬁev, M., Bolivar, J.P.,
Herna
n, C., 2014. Analysis of atmospheric dispersion of olive pollen in southern
Gala
Spain using SILAM and HYSPLIT models. Aerobiologia 30, 239e255.
Hicks, S., 2001. The use of annual arboreal pollen deposition values for delimiting
tree-lines in the landscape and exploring models of pollen dispersal. Rev.
Palaeobot. Palynol. 117, 1e29.
Hidalgo, P.J., Mangin, A., Gal
an, C., Hembise, O., V
azquez, L.M., Sanchez, O., 2002. An
automated system for surveying and forecasting Olea pollen dispersion. Aerobiologia 18, 23e31.
Hijmans, R., Cameron, S., Parra, J., Jones, P., Jarvis, A., 2004. The WorldClim Interpolated Global Terrestrial Climate Surfaces. Version 1.3. http://www.worldclim.
org/ (accessed 01.08.14.).
Hirst, J.M., 1952. An automatic volumetric spore trap. Ann. Appl. Biol. 39, 257e265.
IOC, 2014. International Olive Council. http://www.internationaloliveoil.org/
(accessed 01.08.14.).
Izquierdo, R., Belmonte, J., Avila, A., Alarcon, M., Cuevas, E., Alonso-Perez, S., 2011.
Source areas and long-range transport of pollen from continental land to Tenerife (Canary Islands). Int. J. Biometeorol. 55, 67e85.
n-Ruiz, E.J., Garcia-Mozo, H., Dominguez-Vilches, E., Gala
n, C., 2012. The use of
Leo
geostatistics in the study of ﬂoral phenology of Vulpia geniculata (L.) link. Sci.
World J. 62, 42e47.
Okubo, A., Levin, S.A., 1989. A theoretical framework for data-analysis of wind
dispersal of seeds and pollen. Ecology 70, 329e338.
Orlandi, F., Ruga, L., Romano, B., Fornaciari, M., 2005. Olive ﬂowering as an indicator
of local climatic changes. Theor. Appl. Climatol. 81, 169e176.
Oteros, J., Gal
an, C., Alcazar, P., Dominguez-Vilches, E., 2013a. Quality control in biomonitoring networks, Spanish Aerobiology Network. Sci. Total. Environ. 443,
559e565.
Oteros, J., Garcia-Mozo, H., Hervas-Martinez, C., Gal
an, C., 2013b. Year clustering
analysis for modelling olive ﬂowering phenology. Int. J. Biometeorol. 57,
545e555.
n, C., 2013c. Biometeorological and
Oteros, J., Garcia-Mozo, H., Hervas, C., Gala

7

autoregressive indices for predicting olive pollen intensity. Int. J. Biometeorol.
57, 307e316.
Oteros, J., Garcia-Mozo, H., Vazquez, L., Mestre, A., Dominguez-Vilches, E., Gal
an, C.,
2013d. Modelling olive phenological response to weather and topography.
Agric. Ecosyst. Environ. 179, 62e68.
Oteros, J., Orlandi, F., Garcia-Mozo, H., Aguilera, F., Ben Dhiab, A., Bonoﬁglio, T.,
Abichou, M., Ruiz-Valenzuela, L., del Trigo, M.M., de la Guardia, C.D., Dominguez-Vilches, E., Msallem, M., Fornaciari, M., Gal
an, C., 2014. Better prediction
of Mediterranean olive production using pollen-based models. Agron. Sustain.
Dev. 34, 685e694.
Pauling, A., Rotach, M.W., Gehrig, R., Clot, B., 2012. A method to derive vegetation
distribution maps for pollen dispersion models using birch as an example. Int. J.
Biometeorol. 56, 949e958.
Prentice, I.C., 1985. Pollen representation, source area, and basin size e toward a
uniﬁed theory of pollen analysis. Quat. Res. 23, 76e86.
Robledo-Arnuncio, J.J., Gil, L., 2005. Patterns of pollen dispersal in a small population of Pinus sylvestris L. revealed by total-exclusion paternity analysis. Heredity 94, 13e22.
Ruga, L., Bonoﬁglio, T., Orlandi, F., Romano, B., Fornaciari, M., 2008. Analysis of the
potential fungal biodeteriogen effects in the “Doctorate Library” of the University of Perugia, Italy. Grana 47, 60e69.
Sadys, M., Skjøth, C.A., Kennedy, R., 2014. Back-trajectories show export of airborne
fungal spores (Ganoderma sp.) from forests to agricultural and urban areas in
England. Atmos. Environ. 84, 88e99.
Siljamo, P., Soﬁev, M., Ranta, H., Linkosalo, T., Kubin, E., Ahas, R., Genikhovich, E.,
Jatczak, K., Jato, V., Nekovar, J., Minin, A., Severova, E., Shalaboda, V., 2008.
Representativeness of point-wise phenological Betula data collected in different
parts of Europe. Glob. Ecol. Biogeogr. 17, 489e502.
Skjøth, C.A., Geels, C., Hvidberg, M., Hertel, O., Brandt, J., Frohn, L.M., Hansen, K.M.,
Hedegaard, G.B., Christensen, J.H., Moseholm, L., 2008. An inventory of tree
species in Europedan essential data input for air pollution modelling. Ecol.
Model. 217, 292e304.

Skjøth, C.A., Smith, M., Sikoparija,
B., Stach, A., Myszkowska, D., Kasprzyk, I.,
Radisi
c, P., Stjepanovi
c, B., Hrga, I., Apatini, D., 2010. A method for producing
airborne pollen source inventories: an example of Ambrosia (ragweed) on the
Pannonian Plain. Agric. For. Meteorol. 150, 1203e1210.
Smith, M., Jager, S., Berger, U., Sikoparija, B., Hallsdottir, M., Sauliene, I.,
Bergmann, K.C., Pashley, C.H., de Weger, L., Majkowska-Wojciechowska, B.,
Rybnicek, O., Thibaudon, M., Gehrig, R., Bonini, M., Yankova, R., Damialis, A.,
Vokou, D., Gutierrez Bustillo, A.M., Hoffmann-Sommergruber, K., van Ree, R.,
2014. Geographic and temporal variations in pollen exposure across Europe.
Allergy 69, 913e923.
Soﬁev, M., Siljamo, P., Valkama, I., Ilvonen, M., Kukkonen, J., 2006. A dispersion
modelling system SILAM and its evaluation against ETEX data. Atmos. Environ.
40, 674e685.
Sugita, S., 1993. A model of pollen source area for an entire lake surface. Quat. Res.
39, 239e244.
Sugita, S., 1994. Pollen representation of vegetation in Quaternary sediments e
theory and method in patchy vegetation. J. Ecol. 82, 881e897.
Tormo, R., Silva, I., Gonzalo, A., Moreno, A., Perez, R., Fernandez, S., 2011. Phenological records as a complement to aerobiological data. Int. J. Biometeorol. 55,
51e65.
ndez, D., Gal
 gico de Espan
~ a.
Trigo, M., Jato, V., Ferna
an, C., 2008. Atlas aeropalinolo
 n, Leo
 n.
Universidad de Leo
nez, M.J., Alc
Velasco-Jime
azar, P., Domínguez-Vilches, E., Gal
an, C., 2012. Comparative study of airborne pollen counts located in different areas of the city of
rdoba (south-western Spain). Aerobiologia 29, 113e120.
Co
nez, M.J., Alc
Velasco-Jime
azar, P., Valle, A., Trigo, M.M., Minero, F., DomínguezVilches, E., Gal
an, C., 2013. Aerobiological and ecological study of the potentially
allergenic ornamental plants in south Spain. Aerobiologia 30, 91e101.

Please cite this article in press as: Oteros, J., et al., A new method for determining the sources of airborne particles, Journal of Environmental
Management (2015), http://dx.doi.org/10.1016/j.jenvman.2015.03.037

